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Abstract: The Electro-Laryngeal (EL) speech has some drawbacks such as single fundamental frequency , mechani-
cal sound and large radiation noise. The drawbacks affect the intelligibility and naturalness of the EL speech. Especially, the
tonal language such as Mandarin EL speech would be worse understanding. In this paper,the spelling corrector for pinyin and
the tone labelling tool are designed to solve the problems that Mandarin EL speech recognition has some errors in consonants
and the recognition result has no tone. The result is synthesized into the healthy speech by TTS based on Tacotron-2. The ob-
jective evaluation results show that the accuracy of pinyin spelling corrector has been improved; the accuracy of tone label-
ling under contextual environment is very high. The subjective results shows the proposed method can improve the intelligi-
bility and naturalness of the EL speech a lot. The results illustrate that the proposed method can convert the EL speech with-
out tone into the healthy speech. And the proposed method performs better than the traditional method based on speech signal
processing.
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